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ABSTRACT

Citizens’-reported data is crucial for improving 
service quality and innovation across various 
sectors, including healthcare. This construct-va-
lidating study focuses on understanding the de-
terminants that prevent or encourage healthcare 
professionals and managers to use user-reported 
data. To explore these determinants, we adop-
ted the Unified Theory of Acceptance and Use 
of Technology (UTAUT) model, which has been 
widely applied in various fields. This research is 
ongoing. Its first phase encompasses a qualitative 
study involving 13 semi-structured interviews with 
healthcare professionals and managers in Italy 
and Wales. The results from this phase will inform 
a subsequent quantitative survey involving a lar-
ger sample. Preliminary findings indicate that all 
the hypothesized UTAUT factors can influence the 
utilization of healthcare user-reported data. Parti-
cipants confirmed the importance of performance 
expectancy, effort expectancy, social influence, 
facilitating conditions, habit, perceived security, 

trust and anxiety as the main determinants. Fu-
ture explorations will provide a comprehensive 
view of these factors in diverse user-reported data 
scenarios and digital platforms.

Key-words
User evaluation; User-reported data; Service 
management; Healthcare; Interviews

Determinants of user-reported data use for a data-driven 
public sector: Validating an adaptation of the UTAUT model 

with professionals and managers in healthcare

Déterminants de l'utilisation des données fournies par les utilisateurs  
dans un secteur public piloté par les données : Validation d'une adaptation  

du modèle UTAUT avec des professionnels et des gestionnaires de santé
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Determinants of User-Reported Data Use for a Data-Driven Public Sector:  
Validating an Adaptation of the UTAUT Model with Professionals and Managers in Healthcare

1. INTRODUCTION

Data-driven decision-making is crucial for moderni-
zing public administration.

Digital transformation enables, on the one hand, the 
production of great amount of data, and, on the other 
hand, an intensive use of data, presenting both op-
portunities and challenges for public organizations in 
their public value creation process. Public value has 
been defined under a multi-dimensional model (S. 
P. Osborne, 2018) where participation is articulated 
both as a means and an end to value creation process. 
In the realm of public service, value creation revolves 
around five key aspects including: (1) the influence of 
these services on users’ satisfaction and overall well-
being; (2) the outcomes produced by public services; 
(3) the impact of public services on the entire life 

experience of citizens; (4) the capacity of public ser-
vices to empower citizens for future challenges; and 
(5) the role of public services in generating value at a 
societal level (Osborne, 2020).

In an age where vast amounts of data are generated, 
ensuring that data are secure, reliable, and compre-
hensible for all users and participants in data-driven 
decision-making is crucial for increasing the public 
value. Digital technologies, such as artificial intelli-
gence, can effectively utilize large datasets, manage 
information, and produce knowledge (Androniceanu, 
2023; Valle-Cruz & García-Contreras, 2023). The 
digital technologies supporting data-driven deci-
sion-making can reduce bureaucracy and expense, 
while improving service quality, productivity, ac-
cessibility, and transparency (Androniceanu, 2023). 
Implementing these systems will significantly 

RÉSUMÉ

Les données fournies par les citoyens sont cruciales 
pour améliorer la qualité des services et l’innovation 
dans divers secteurs, y compris la santé. Cette étude 
se concentre sur la compréhension des déterminants 
qui empêchent ou encouragent les professionnels et 
les gestionnaires de la santé à utiliser les données rap-
portées par les utilisateurs. À cet effet, nous avons opté 
pour le modèle de la Théorie unifiée de l’acceptation et 
de l’utilisation de la technologie (Unified Theory of Ac-
ceptance and Use of Technology – UTAUT), largement 
appliqué dans plusieurs domaines. Cette recherche est 
en cours. Sa première phase comprend une étude qua-
litative impliquant 13 entretiens semi-structurés avec 
des professionnels et des gestionnaires de la santé en 
Italie et au Pays de Galles. Les résultats de cette phase 
permettront d’élaborer une enquête quantitative ul-
térieure impliquant un échantillon plus large. Les ré-

sultats préliminaires indiquent que tous les facteurs 
hypothétisés par le modèle UTAUT influencent l’utili-
sation des données fournies par les utilisateurs du sys-
tème de santé. Les participants ont confirmé l’impor-
tance de facteurs tels que l’attente de performance, de 
l’effort attendu, de l’influence sociale, des conditions 
facilitatrices, de l’habitude, de la sécurité perçue, de 
la confiance et de l’anxiété comme principaux déter-
minants. Les futures explorations fourniront une vue 
d’ensemble complète de ces facteurs dans les divers 
scenarii de données rapportés par les utilisateurs et 
des plateformes numériques.

Mots-clés
Évaluation par l’utilisateur ; Données fournies par 
l’utilisateur ; Gestion des services ; Santé ; Entretiens
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enhance the way public organizations manage data 
throughout the value chain. Alexopoulos pointed 
broadly to a data-driven society as a benefit of ap-
plying digital tools such as artificial intelligence on 
data in the public sector (Alexopoulos et al., 2019).

The Organisation for Economic Co-operation and 
Development (OECD) has defined the data-driven 
public sector, highlighting data as a valuable asset 
essential for evidence-based policy making, da-
ta-backed service design and delivery, organisational 
management, and innovation, and accountability, in-
tegrity, openness and fairness of decision-making as 
well (Van Ooijen et al., 2019).

“A data-driven public sector recognises 
data as a strategic asset in policies and 
services design and delivery. It implies the 
development of sound data governance 
structures (including data strategies, insti-
tutional arrangements, rules) and related 
delivery mechanisms (data infrastruc-
tures, standards) to capitalise on the value 
of data to anticipate and respond to the 
needs of users, deliver better services and 
policies, and promote data integration, 
access, sharing and use across the public 
sector. A data-driven public sector also fa-
vours the use of innovative and alternative 
sources of data in the evaluation and mo-
nitoring of policies and services over time.”

(Ubaldi & Okubo, 2020)

The framework of van Ooijen, Welby, & Ubaldi (2019) 
illustrates that establishing a data-driven approach in 
the public sector is complex, non-linear and based on 
a recursive value chain. There is a loop between sha-
ring and using/re-using data that, once initiated, can 
positively reinforce the first steps of the process. Data 
use and usability is, thus, a critical aspect in the insti-
tuting of a data-driven public sector.

Van Ooijen, Welby, & Ubaldi (2019) explored other 
several and significant challenges to the adoption of 
data-driven processes of decision-making. One of the 
primary challenges is obtaining useful data, which 
includes ensuring data availability, maintaining high 
standards of data quality, and ensuring the relevance 
of the data collected to the public sector’s needs. Data 
sharing, discoverability, and interoperability present 

additional obstacles. Human and technical capacities 
must also be addressed by building a workforce with a 
diverse range of digital skills necessary to analyse and 
use data effectively. Legitimacy and public trust are 
also fundamental, so ensuring the ethical and accoun-
table use of data and the need to act on data insights 
to drive improvements and, ultimately, value crea-
tion. Protecting the privacy of citizens and ensuring 
transparency in data use are also critical. Addressing 
these challenges is essential for unlocking the full po-
tential of a data-driven public sector, enabling more 
informed decision-making, improving service delive-
ry, and fostering innovation.

A case study by Choi and colleagues (2021) found that 
data-driven decision-making is influenced not only 
by technical factors such as data quality and cove-
rage, compatibility and interoperability, availability 
of external data, information technologies and sof-
tware, analytical techniques, privacy and confidentia-
lity considerations, but also by organizational aspects 
such as cooperation among stakeholders, organiza-
tional culture, and public procurement policies (Choi 
et al., 2021). The empirical study’s results suggested 
the need for comprehensive strategies to harness the 
full potential of data in improving decision-making, 
service delivery, and innovation in the public sector, 
with robust organizational and institutional support 
as key determinant for successful implementation of 
data-driven decision making.

More recently, Cantarelli and colleagues (2023) re-
cognized three separate elements in comprehending 
how information is utilized in public organizations: 
the objective characteristics of information architec-
ture; the subjective processes that involve cognitive 
biases (such as overestimating or underestimating 
the value of information) and decision noise (i.e., 
variability in decision-making); and the moderating 
influence of the different types of information users 
(Cantarelli et al., 2023).

The common elements identified across these stu-
dies regarding the adoption and implementation of 
data-driven public sector decision-making can be 
summarized as follow: data quality and availability; 
technical and human capacities, including subjective 
elements in decision-making processes such as co-
gnitive biases and decision noise; organizational and 
cultural factors; ethical and privacy considerations. 
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All studies point to the potential of data-driven deci-
sion-making to improve service delivery, foster inno-
vation, and create value in the public sector, provided 
the above challenges are addressed effectively.

Thus, enabling data-driven activities requires investi-
gating the conditions necessary for effective data use 
in the public sector, recognizing and addressing the 
challenges to unlocking data’s full value.

Barcevičius et al. (2019) review of the literature iden-
tified numerous outputs of digital transformation in 
governments, such as new and renewed services, pro-
cesses, skills, and products, by affecting internal pro-
cesses and service delivery (Barcevičius et al., 2019). 
Digital transformation in the context of public sector 
innovation can support efforts to enhance the quality 
of public services in a data-driven society by transfor-
ming service delivery. While data-driven approaches 
are often praised for their potential to improve effi-
ciency, transparency, and responsiveness in public 
administration and management, critical perspec-
tives have emerged regarding their broader social im-
plications. Scholars have raised concerns about data 
justice, surveillance, and digital inequality, emphasi-
zing the need to critically assess how data is collected, 
interpreted, and used. For instance, Brayne (2017) 
highlights how data-driven surveillance in public 
institutions can expand monitoring beyond known 
subjects, lower thresholds for inclusion, and inte-
grate data from multiple sources – potentially rein-
forcing social inequalities and reducing transparency 
and accountability.

As reported by van Ooijen and colleagues (2019), the 
opportunities that can be derived from exploring the 
adoption of a data-driven culture within public orga-
nizations includes anticipatory approaches, implica-
tions on public service design and delivery, and impact 
on public performance monitoring and management. 
In particular, data-driven processes of decision ma-
king for service design and delivery implies levera-
ging data more effectively to comprehend issues and 
identify users, thereby responding more accurately to 
their needs. This involves using open communication 
methods and proactive data generation strategies, in-
cluding collecting data from users. “Engaging with ci-
tizens as co-value creators” is reported among these 
strategies. Additionally, it highlights the move from top-
down implementation assumptions to user-centered 

design approaches, which consider contextual diffe-
rences to tailor services and enhance flexibility.

To this regard, data-driven decision making can sup-
port also a truly “customer-centric” public service, by 
transforming the observation and listening of citizens 
and services’ users into data, knowledge and an op-
portunity of improvement and co-design. As written 
by Yves Caseau (2022) “The revolution of the digital 
age of the 21st century is that customer orientation 
is more imperative – the era of abundance, usages 
rate of change, complexity of experiences, and shift 
of power towards communities – are easier, using di-
gital tools and digital communities” (Caseau, 2022). 
While the concept of customer orientation is well-es-
tablished in the private sector, it differs significantly in 
public services. For publicly funded services, the term 
“customers” is often neither meaningful nor precise. 
Moore (2012) emphasized using the term “citizen” 
over “client” in the public sector, highlighting the 
blurred line between public service users and citizens 
(Moore, 2012). Citizens express fundamental needs, 
often constitutionally protected, which differ from 
private sector needs. Citizens support public services 
financially through taxes based on economic capacity, 
not individual needs. Thus, the real “customers” of 
public organizations are the collective citizens, who 
fund these services and act as collective overseers. On 
the other hand, there are the users of public services 
who can be extended to all individuals, regardless of 
their citizenship. Adopting user-centricity, despite 
inherent information and relational asymmetries, 
requires integrating user-reported data into mea-
surements, evaluations, evidence to be uptake in da-
ta-driven decision-making processes. Public manage-
ment approaches, like New Public Management, New 
Public Service, and Public Service Logic, emphasize 
citizen involvement in decision-making, with users as 
co-creators of value alongside public organizations. 
Moore (2012) discussed integrating the user satisfac-
tion into public value measurements, suggesting pu-
blic value is defined by the collective. The integration 
of this kind of data in the decision-making processes 
could create potential tensions to be addressed for un-
derstanding the contributions of decision-making also 
driven by user-reported data to the creation of indivi-
dual and public value.

Understanding in the real-world the challenges to be 
addressed and how to co-create a data-driven process 
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of decision-making in the public sector cannot disre-
gard the perspective of public servants who should 
use data and particularly data reported by public ser-
vices’ users. As highlighted by Baron and colleagues 
(2023), the shift from traditional public management 
to digital government overlooks the practicalities of 
administrative operations, which in turn is influenced 
by inner characteristics of the institutions, such as 
their complexity (Baron et al., 2023; Dunleavy et al., 
2006). The co-creation with who should use the digi-
tal resources, in this case for supporting user-reported 
data use, is reported by Yves Caseau (2022) among the 
three capabilities of reference to derive more value 
from the digital transformation.

Despite the increasing amount of literature on da-
ta-driven decision-making, and more recently on big 
data, there are still few empirical studies examining 
processes and strategies that government agencies 
use to implement this approach with a clear request 
for studies exploring the fundamental conditions ne-
cessary for advancing the research on data-driven de-
cision making (Choi et al., 2021).

To the best of our knowledge, there is also a gap in lite-
rature about the conditions that support user-reported 
data uptake in a data-driven decision-making process.

Given these premises, this construct-validating re-
search is aimed at adapting and proposing to acade-
mics and practitioners a tool for understanding the 
determinants that prevent or encourage public em-
ployees, professionals and managers to use data re-
ported by users in their decision-making processes. 
The application of the study is the public healthcare 
sector in two countries, namely Italy and Wales.

This study represents the initial phase of a broader re-
search project focused on identifying the key factors 
that support or limit the use of user-reported data 
within healthcare organizations. This is an analytic 
generative study since the findings are generalized to 
theoretical propositions by extending the constructs 
behind the UTAUT model. The findings of this phase, 
aimed to design and present a tool to explore the 
elements influencing patient-reported data uptake, 
will be used in the next phases of the study for col-
lecting cross-national data to determine how specific 
UTAUT constructs predict data use in public health-
care organizations.

2. WHY THE PUBLIC 
HEALTHCARE SERVICES?

Studying the public healthcare sector is crucial due to 
its significant role in public service delivery, which is 
extensively considered in the literature alongside pu-
blic safety and security (Codagnone et al., 2020).

The public healthcare sector, particularly systems that 
ensure universal coverage under the Beveridge model, 
has unique characteristics in terms of stakeholder com-
position and relationships. Key stakeholders include 
citizens (and patients as a subgroup), national and re-
gional policymakers, healthcare managers, and profes-
sionals (De Rosis et al., 2019, 2020; Nuti et al., 2016). 
Differently from healthcare mainly funded by insu-
rance under the Bismarck model (such as Netherlands, 
Germany etc.), in the Beveridge models, citizens, 
through their taxes, fund the healthcare system and 
elect policymakers who set strategies and choose ma-
nagement. Policymakers shape the healthcare system’s 
policies and goals, while managers ensure that health-
care professionals can perform their duties effectively, 
managing the organization’s performance and finan-
cial sustainability. Healthcare professionals, such as 
doctors and nurses, deliver services in various settings, 
significantly influencing patient care quality and costs.

The literature categorizes citizens into consumers, 
clients, users, and patients, each with different 
needs and interactions with the healthcare system 
(Herxheimer & Goodare, 1999). Consumers purchase 
health-related goods, clients use professional health-
care services, users have utilized or might utilize any 
healthcare service, and patients seek treatment due to 
illness. Caregivers, who support patients, also play a 
crucial role.

Healthcare services are highly relational and emo-
tionally intensive, impacting patient experiences and 
satisfaction (Berry, 2019; Berry et al., 2015; McColl-
Kennedy et al., 2017). The interactions between 
healthcare providers and patients are vital for posi-
tive service experiences, a good perception of service 
quality, and for reinforcing the trust in the service 
providers and the whole system. The asymmetry of 
information between patients and providers means 
patients rely heavily on the professionals’ expertise, 
which can lead to anxiety and uncertainty.
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Involving all stakeholders is essential to meet user 
needs and ensure the system’s responsiveness. Patient 
engagement is increasingly recognized as critical for 
effective healthcare delivery. It is not only about sha-
ring decision-making at the point of contact and parti-
cipating actively in their care, leading to a shift from a 
paternalistic approach to a collaborative partnership. 
Patients are now seen as co-producers in healthcare, 
contributing valuable knowledge. This collaborative 
model emphasizes mutual value creation between pa-
tients and healthcare providers, enhancing the overall 
effectiveness and satisfaction within the healthcare 
system, and supporting a user-centric approach to the 
service delivery (Batalden et al., 2016; Godlee, 2017; 
Richards et al., 2013; Voorberg et al., 2014).

The person-centered approach in healthcare 
(Håkansson Eklund et al., 2019) places current or 
potential users, whether they are clients, consumers, 
patients, caregivers, at the centre of individual deci-
sion-making processes at the micro level, as well as 
the assessment of service quality at the public organi-
zation and public system levels of the healthcare sec-
tor. According to Tseng and Hicks (2016), experience 
measures reported by the healthcare service users 
would facilitate aligning the person-centred approach 
with value-based care, because the use of these data 
could nourish the processes of decision-making at all 
the levels of the healthcare sector, from the micro level 
of the encounter between the patient and the doctor, 
to the macro level of the policy making, with the aim 
of creating value both at the individual and collective 
levels (Tseng & Hicks, 2016). Therefore, studying the 
public healthcare sector provides valuable insights 
into how digital innovations can revolutionize service 
delivery and encourage the transition towards more 
user-centric approaches by supporting a user-re-
ported data-driven decision-making.

In addition, the healthcare sector’s widespread adop-
tion of digital innovations has led to a shift from 
traditional face-to-face care to digitalized delivery 
of services. These advancements also enabled conti-
nuous and real-time information collection about pa-
tients and their experience with services (De Rosis et 
al., 2020). Digital technologies can, thus, empower 
citizens to report about public services’ quality, en-
hancing their engagement (Codagnone et al., 2020). 
Authors exploring opportunities to achieve fairness 
and equity in data-driven public administrations 

argue that data can empower marginalized groups, 
like patients, by engaging them as collaborators in the 
process (Ruijer et al., 2023).

Understanding the impact of digital transformation 
for a data-driven public healthcare is essential be-
cause it highlights the sector’s ability to adapt to and 
integrate new technologies for better service design 
and delivery, and for monitoring and improving the 
performance as well.

2.1. The challenges to user-reported 
data-driven public healthcare

The literature highlighted the importance of user-re-
ported data for improving service quality as well as 
for service innovation, in different sectors, including 
healthcare. Indeed, user-reported data is essential for 
improving the quality of services, detecting service 
gaps, and raising service standards; it helps organiza-
tions understand the needs, preferences, and expec-
tations of their users, so they can better handle user 
complaints and other issues and make the required 
adjustments (Murante et al., 2014; Pai & Chary, 
2013; Parasuraman et al., 1988, 1994). Moreover, 
user opinions can be a great source of inspiration and 
knowledge for service innovation. Organizations can 
use consumer-reported data to discover new service 
opportunities, identify emerging trends, and create 
cutting-edge service offers (Berry, 2019; Osborne et 
al., 2016; Prahalad & Ramaswamy, 2004b, 2004a). 
Managing user-reported data can be complex and 
challenging for organizations (Da Silva, 2021). For 
instance, even though many departments and func-
tions have systems in place to track user-reported 
data, few organizations have an integrated, corpo-
rate-wide perspective on user experience (Da Silva, 
2021). In this sense, factors such as integrity, reliabi-
lity, and robustness of the data collection and use pro-
cess, but also time and effort, obstacles and bureau-
cracy need to be taken into consideration (Da Silva, 
2021). Moreover, after data collection, companies still 
need to produce relevant user insights or knowledge 
about users that create value for the organization. In 
this sense, data analysis is important, as is using the 
results for decision-making (Holmlund et al., 2020).

In healthcare, user evaluation can be collected via out-
comes and experience measures (in general referred 
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to as patient-reported measures) (De Rosis et al., 
2019, 2022). However, collecting patient opinions 
through surveys is not enough to change the beha-
viour of public servants. Data should be used by ma-
nagers and professionals for improving the quality 
of services, their responsiveness, their potential in-
novation and re-design (Coulter et al., 2014). More 
precisely, the experiences of application of patient-re-
ported measures can be categorized along two key di-
mensions: the level of data aggregation and the use 
in the doctor-patient relationship (Brundage et al., 
2013; Snyder & Aaronson, 2009). Individual-level ag-
gregated patient-reported data can be used as scree-
ning tools to identify specific issues (e.g., anxiety, 
depression, physical and social functioning). In this 
context, they serve to monitor the impact of a parti-
cular treatment on an individual patient, promoting 
a patient-centred care approach that focuses on the 
patient’s perspective. In this case of group/popula-
tion-level aggregation, data are used to support de-
cision-making regarding different interventions or 
treatments and whether patient needs have been met 
by the healthcare system. The focus is on the effective-
ness and overall impact of care at a population level. 
When data are used as decision-support tools in the 
doctor-patient relationship, they can facilitate struc-
tured exchanges of information on often overlooked 
topics, offering a common language among profes-
sionals from various disciplines, which is particularly 
useful in managing complex patients, such as elderly 
individuals with chronic conditions. When data are 
not used within the patient-doctor relationship, they 
can be employed as quality-of-care assessment tools. 
These tools enable the evaluation of the quality of 
care (particularly in terms of effectiveness) and allow 
for comparisons between providers (e.g., hospitals), 
with the goal of improving the quality of healthcare 
on a larger scale. To bring about a change, it is im-
portant to incorporate the patient experience and out-
come improvement goals into the planning, feedback, 
and assessment procedures (Ferreira & Otley, 2009; 
Murante et al., 2014). Yet, patient-reported outcomes 
are seldom used to estimate the value of different in-
terventions and whether patient needs have been met 
by healthcare system in real world evidence (Manetti 
et al., 2024; Nguyen et al., 2021).

Barriers have been highlighted in the literature about 
the use of healthcare user-reported data as a routine 
management tool (Coulter et al., 2014; Lungu et al., 

2020; Porter et al., 2016). One key factor is data sha-
ring and dissemination, also using digital infrastruc-
ture to turn data into actionable insights for deci-
sion-making (Flott et al., 2017; Gleeson et al., 2016). 
Indeed, user-reported data increasingly are provided 
to healthcare professionals and managers with diffe-
rent types of technologies (Johanssen et al., 2019). 
The use of technological tools can influence the fre-
quency with which professionals acquire user-re-
ported data. In this sense, reducing manual steps in 
favour of (semi)automated processes may encourage 
approaches that allow continuous and systematic 
user-reported data, rather than periodic contexts (De 
Rosis et al., 2020; Johanssen et al., 2019).

In this sense, the UTAUT (Unified Theory of 
Acceptance and Use of Technology) model (Venkatesh 
et al., 2003) can be a useful lens to investigate the 
topic of the use of patient-reported data in healthcare 
organizations. This model is tested in the healthcare 
sector for verifying whether its determinants are valid 
also when applied at the use of patient-reported data 
by managers and healthcare professionals in their de-
cision-making processes. In this study, we adopted 
a qualitative approach to validate the UTAUT model 
within the healthcare sector for twofold reasons. The 
UTAUT model, while widely used across various fields, 
was not originally designed nor for healthcare nor for 
data as essential component of the digital sphere. It 
has been applied to the evaluation of determinants of 
mobile applications, wearable technologies, websites 
and digital dashboards. Although there are studies 
applying UTAUT to healthcare technologies, there re-
mains a lack of evidence regarding how users interpret 
the model’s items or whether they feel certain key fac-
tors are missing when handling information, figures, 
statistics and so on. This study addresses this gap by 
using qualitative data to explore the model’s rele-
vance and validity in using data within the healthcare 
context. Furthermore, while existing research has in-
vestigated or validated UTAUT in healthcare through 
quantitative methods, our study offers a novel contri-
bution by employing a qualitative approach, which 
allows for a deeper understanding of the public ser-
vants’ perspectives.
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3. WHY ITALY 
AND WALES?

The study was conducted in different regional health-
care systems in two countries, namely Italy and 
Wales, since they have a similar organizational struc-
ture and have established experience of collection of 
patient-reported data.

Both countries have healthcare systems that are pri-
marily public and based on principles of universal 
access to healthcare under the Beveridge model, fun-
ded by the citizens’ taxes and with devolution gran-
ting autonomy in health management at the regional 
level (Bevan et al., 2014; Donatini, 2020; NHS Wales, 
2020; OECD, 2019).

In National Health Service (NHS) Wales clinical ser-
vices increasingly collect PROMs (Patient-Reported 
Outcome Measures) as part of routine care and use 
them to inform shared-decision making and trans-
form the way healthcare is delivered to achieve better 
outcomes that matter to patients (EIT Health, 2020; 
Withers et al., 2021).

In 2018, the Welsh Government has explicitly em-
phasized the importance of involving patients in 
decisions regarding their care – (NHS Wales 2018). 
It has established that the planning and delivery of 
services will be grounded in prudent healthcare prin-
ciples and value-based healthcare. Implementing va-
lue-based healthcare represents a significant cultural 
and transformational shift in Wales, emerging from 
grassroots efforts as a means to realize the goals of 
Prudent Healthcare. The NHS Wales is committed to 
supporting the implementation and development of 
outcome measurements and cost analysis through a 
collaborative data-sharing approach, to enhance the 
quality of healthcare services and increase value for 
patients. This entails measuring healthcare costs at 
the system level and making this information acces-
sible to clinical teams, empowering them to manage 
resources effectively and promote high-value care for 
the populations they serve. Healthcare organizations 
in Wales are dedicated to advancing value-based 
healthcare initiatives. This commitment includes 
improving the collection and reporting of holistic 
outcome data across various medical conditions and 
analyzing unwarranted variations in services and 

outcomes. These PROMs collection initiatives can 
support the identification of areas of both underuse 
and overuse within the healthcare system. PROMs 
may provide useful communication between a person 
and their healthcare team to support direct care, or 
enable a person to track their own progress or reco-
very. They should therefore not just be viewed as an 
end point, but they can also be a milestone or status 
at a point in time for an individual to report how they 
are faring – in areas of their life that matter to them, 
and in a structured way. Aggregated PROMs can pro-
vide a useful needs assessment, helpful in determi-
ning local or national service development. Different 
condition pathways have been nationally agreed by 
clinical reference groups and all of these pathways 
are currently available on a national platform. For 
healthcare professionals, PROMs can play a crucial 
role in optimizing outcomes at multiple levels. For in-
dividual patients, PROMs help the clinical team focus 
on what truly matters to them. By analyzing aggre-
gated PROMs data, patients can make informed deci-
sions about their care, drawing from the experiences 
of others with similar conditions. At the cohort level, 
PROMs provide valuable data that can inform impro-
vements to patient pathways, evaluate the outcomes 
of specific treatments, and guide the appropriate se-
lection of patients for those treatments.

On a health board and population level, PROMs data 
can lead to more efficient and effective care, while 
also reducing expenditure on low-value interven-
tions. This opens up opportunities for reinvestment 
in treatments that deliver real value in healthcare. In 
Wales, the collection of generic PREMs is guided by a 
national approach from the Welsh Government, with 
an updated questionnaire recently implemented. A 
digital platform has been rolled out nationally to col-
lect Patient Reported Experience Measures (PREMs). 
The national clinical framework encourages the use 
of PREMs by specialties, with many now implemen-
ting condition-specific PREMs locally. Efforts are also 
underway to establish data and interoperability stan-
dards for PREMs, similar to PROMs.

The Italian National Health Service has always pro-
moted the collection and use of the patient’s voice, 
facilitating the participation of healthcare services’ 
users in the evaluation of services. The Italian reform 
introduced by the Legislative Decree No. 502/1992 
requires that healthcare organizations and regional 
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systems to establish “monitoring and control systems 
[...] on the quality of care and the appropriateness 
of the services provided”, including “the satisfaction 
of service users” (art. 8 octies). This has supported 
the spread of several experiences of PREMs collec-
tion. Given the fragmented situation due to the de-
centralization of organizational power to the Italian 
Regions, the Italian experiences have been mainly 
one-shot initiatives in the form of patient satisfac-
tion surveys, managed at the single hospital level, 
or at the regional healthcare system level, such as in 
the regions of Tuscany, Lombardy, Emilia-Romagna. 
The only systematic surveys at the national level are 
targeted at representative samples of the general po-
pulation by the national statistical institution ISTAT. 
Approximately every five years, a sample survey on 
“Health Conditions and Use of Healthcare Services” 
is administered. Apart from some regional initiatives 
(De Rosis et al., 2020), briefly described below, there 
are no systematic and continuous national patient 
surveys across Italian regions. Recently, the 2019-
2021 Italian Health Pact highlighted the importance 
of customer experience and citizen participation in 
the evaluation of services. Specifically, in Sheet 14 
on “Tools for Citizen Participation and Personalized 
Access to Healthcare Services”, it underscores the re-
levance of “promoting and implementing enabling 
tools that improve interactions and the customer ex-
perience” also through “the adoption of shared rules, 
standards, and codes for the interoperability and in-
tegration of ecosystems”.

The above-mentioned examples of routine collec-
tion of PREMs (De Rosis et al., 2020) and PROMs 
(De Rosis et al., 2021; Ferrè et al., 2021; Lungu et 
al., 2020; Pennucci et al., 2020) have been piloted 
in Tuscany region and then joined by other regional 
healthcare systems or organization, with the scienti-
fic support of the MeS Laboratory. The routinely col-
lection of PREMs and PROMs has formally started 
in the period 2017-2018. The methodology employed 
the systematic and continuous collection and repor-
ting of data, so building an intra and inter-regional 
Observatory, allowing the use of the same tools of 
patient-reported data collection and the potential of 
benchmarking of data across Italian regional health-
care systems joining the Observatory (De Rosis et al., 
2020). The PREMs and PROMs Observatories have 
been joined by various Italian regions (De Rosis et 
al., 2020). The patient-reported data have become 

important tools of accreditation and measures of hos-
pital performance, and have been progressively inte-
grated into the Performance Evaluation System of the 
MeS Laboratory (De Rosis et al., 2022; Gilmore et al., 
2019). In light of this, in 2019, as part of its partici-
pation in the experimental phase of the OECD PaRIS 
(Patient-Reported Indicator Survey) project on pri-
mary care and chronic conditions, the Italian Ministry 
of Health planned and subsequently initiated a natio-
nal pilot aimed at establishing an Observatory on ex-
perience and outcome measures reported by chronic 
patients. This Observatory would systematically and 
continuously capture the voice of patients at the na-
tional level, potentially and eventually building a pa-
tient-reported information flow that integrates data 
from the Ministry’s administrative records (Vainieri 
et al., 2022).

In both countries, the collection and use of patient-re-
ported data are supported by digital platforms. These 
latter are aimed at making possible access and review 
of patient-reported data for healthcare managers and 
professionals. In Wales, patient-reported measures 
are accessible in dashboards at both in aggregated 
form and at individual level with appropriate ac-
cess-control. In particular, PROMs are accessible to 
professionals at the patient level for individual care 
and decision-making. Patient-reported data are in-
tegrated within Electronic Health Records (EHR) al-
lowing for more systematic data collection and use. 
On the contrary, in the Italian system, web-based 
platforms of the above-mentioned Observatories 
were developed exclusively for making aggregated 
patient-reported data accessible to healthcare provi-
ders and managers. This kind of systems are mainly 
aimed at enhancing managerial decision-making and 
promoting quality improvement actions (De Rosis 
et al., 2020). The aggregated data from the Italian 
Observatories are also accessible using web services, 
thus allowing healthcare organizations to build their 
own dashboard or to integrate data with other bu-
siness intelligence systems of data reporting, analysis 
and spreading.

Considering these setting, this study uniquely va-
lidated the UTAUT construct in two different coun-
tries, Italy and Wales.
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4. METHOD

The study employs a qualitative method, leveraging 
the UTAUT model to assess the appropriateness and 
relevance of adopting its traditional determinants as 
valid conditions under which healthcare professionals 
and managers utilize user-reported data in their de-
cision-making processes. This investigation focuses 
on both facilitators and obstacles to the adoption of 
such data in a context of data-driven public health-
care systems.

Interviews were employed in a process of face validity 
of constructs, to assess whether the UTAUT model 
appears to measure what it is intended to measure. 
This type of validation is concerned with the appro-
priateness, relevance, and clarity of the items from the 
perspective of those who are taking or reviewing the 
questionnaire, such as subject matter experts or po-
tential respondents.

In line with Eisenhardt (1989) notion of analytic gene-
ralization, the method we adopted can provide findings 
to extend, enrich, and question existing theoretical 
understandings of how patient-reported data-driven 
mechanisms shape managerial decision-making in 
public healthcare.

4.1. The UTAUT model

The UTAUT model assesses the likelihood of success 
for the introduction of new technology (Venkatesh et 
al., 2003). Its development has provided both a re-
search and managerial tool to understand the drivers 
of technology acceptance in order to proactively de-
sign interventions (including for instance training and 
communication) targeted at populations of users that 
may be less inclined to adopt and use new systems. 
The main components of the UTAUT model are de-
rived from previous theoretical technology acceptance 
models (e.g., Technology Acceptance Model, Theory 
of Diffusion, Theory of Reasoned Action and Theory 
of Planned Behaviour). These include performance 
expectancy, effort expectancy, social influence and fa-
cilitating condition which are considered the main in-
fluencing factors of intention to use a particular tech-
nology. In addition to the three direct determinants 
of intention to use (performance expectancy, effort 
expectancy, and social influence – Venkatesh et al., 

2003) posit two direct determinants of usage beha-
viour (intention and facilitating conditions).

Venkatesh and colleagues (2011) developed a first 
extension of the UTAUT models, to integrate expec-
tation-confirmation theory for information systems’ 
usage. Subsequently, the UTAUT2 model incorpo-
rates three new constructs; hedonic motivation, price 
value, and habit into the original UTAUT (Venkatesh 
et al., 2012).

The model and its extensions have been used to study 
the attitude of individuals with technologies, some 
specific services, or ways of using services. Since 
being introduced, the UTAUT model has been tested 
extensively in various fields for analysing users’ ac-
ceptance of technology, including in healthcare. For 
instance, drawing from the UTAUT model, Kohnke 
and colleagues (2014) investigated the predictors 
of the intention to use Telehealth equipment by pa-
tients, clinicians, and agency personnel (Kohnke 
et al., 2014). Cimperman et al. (2016) applied the 
UTAUT model to test the acceptance behaviour of te-
lehealth technology and services, showing that beha-
vioural intention can be studied also at a conceptual 
level rather than in relation to a specific technology. 
Rouidi et al. (2022) used both the UTAUT and the 
Technology Acceptance Model (TAM) models to pre-
dict the acceptance behaviour of remote care techno-
logies by health professionals (Rouidi et al., 2022). 
Wang and colleagues (2020) used the UTAUT and 
task-technology fit models to understand how consu-
mers accept healthcare wearable devices (Wang et 
al., 2020). Moreover, specific studies focused on the 
mobile payment context, introducing the concepts of 
technology reliability and privacy issues (Lee et al., 
2019; Slade et al., 2013).

To investigate the factors influencing the adoption of 
data use by public servants, we drew upon established 
technology acceptance models, as mentioned above. 
While these models have been widely applied to study 
user acceptance of digital technologies, also in the pu-
blic sector and in the healthcare context, some authors 
stated they may not fully capture the specific dynamics 
of the public sector (Salama & Farag, 2024). Other 
additional factors often play a more central role in 
shaping attitudes toward digital tools and data use in 
public contexts. A recent systematic literature review 
on the adoption of e-government among public sector 
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employees identified three main themes through the-
matic analysis: human factors, technical factors, and 
organizational factors (Abdul Wahi & Berényi, 2023). 
Our study incorporated all three dimensions in the se-
lection of factors.

In fact, we did not rely solely on the core components 
of the original UTAUT model (Venkatesh et al., 2003). 
Instead, we expanded our framework by incorpora-
ting and adapting additional constructs found in the 
literature to better suit the public sector context and 
to guide our interview protocol. The first four factors 
– performance expectancy, effort expectancy, social 
influence, and facilitating conditions – were adap-
ted from the original UTAUT model of Venkatesh et 
al. (2003; 2011; 2012), Cimperman et al. (2016), and 
Lee et al. (2019). The construct habit was adapted 
from Venkatesh et al. (2012); trust from Venkatesh 
et al. (2011); and perceived security and anxiety from 
Cimperman et al. (2016). This expanded set of factors 
was used to inform both the structure and content of 
our interviews, allowing for a more nuanced explora-
tion of public servants’ attitudes and behaviours re-
garding data use. The factors used in this study are 
explained in the following lines.

4.1.1. Performance expectancy

One of the core components of the UTAUT model 
is performance expectancy, which is defined as “the 
degree to which an individual believes that using 
a system will help him or her to attain gains in job 
performance” (Venkatesh et al., 2003, p.447). In the 
context of this study, performance expectancy refers 
to how much healthcare professionals and managers 
believe that using patient feedback will help them im-
prove how they perform their job duties.

4.1.2. Effort expectancy

Effort expectancy in UTAUT is described as “the de-
gree of ease associated with the use of a system” 
(Venkatesh et al., 2003, p.450). In this study, it is 
understood as how easy or straightforward it is for 
healthcare professionals and managers to use patient 
feedback in their everyday work. The focus is on the 
ease of using the data itself, rather than on the tools 
used to collect it.

4.1.3. Social influence

Social influence refers to “the degree to which an in-
dividual perceives that important others believe he 
or she should use the new system” (Venkatesh et al., 
2003, p.451). For example, a recent study highlighted 
the crucial role of clear regulations and strong top ma-
nagement support in the adoption of e-government 
(Alfiani et al., 2024). In this study, it reflects how 
much professionals and managers feel influenced by 
people they consider important – such as colleagues, 
supervisors, or policymakers – who believe that pa-
tient-reported measures should be used.

4.1.4. Facilitating conditions

Facilitating conditions are defined as “the degree to 
which an individual believes that an organisational 
and technical infrastructure exists to support the 
use of the system” (Venkatesh et al., 2003, p.450). 
In this study, they are understood as the organisatio-
nal resources and support (e.g., training, tools, time) 
that professionals feel are in place to enable them 
to use patient feedback effectively within health-
care organisations.

4.1.5. Habit

Habit was added to the UTAUT model as a factor in-
fluencing continued use of technology (Venkatesh et 
al., 2012). It reflects how much someone feels that a 
certain behaviour has become automatic. Limayem et 
al. (2007) stressed that repeated actions can become 
habits over time and should not be overlooked when 
studying system use. They define habit in information 
system use as the extent to which people act automa-
tically due to past learning. Their model shows that 
continued use of a system depends not only on inten-
tion but also on habit. In this study, habit refers to 
how much the use of patient feedback has become a 
standard or expected part of organisational routines, 
and how likely professionals and managers are to use 
it as part of their daily work.

4.1.6. Perceived security

Lee et al. (2019), drawing on Yang et al. (2015), define 
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privacy risk as a person’s perception that their private 
information could be exposed. These concerns can re-
duce the willingness to use digital systems, such as mo-
bile payments. Cimperman et al. (2016) describe per-
ceived security as including aspects like how reliable a 
technology is, and how well it protects personal data. 
In their work, this is particularly important for older 
adults deciding whether to accept telehealth services. 
Based on this literature, this study defines perceived 
security as including both the safety of the data (data 
security) and whether its use complies with privacy 
laws, especially regarding sensitive patient informa-
tion. This is particularly relevant in the context of the 
EU’s General Data Protection Regulation (GDPR) and 
the Italian Data Protection Authority’s guidelines. 
Healthcare organisations, in particular, must be very 
careful with personal data, especially health informa-
tion that can identify a person (De Rosis et al. 2022; 
Gostin et al., 2018; McGraw & Mandl, 2021; Tucker et 
al., 2016).

4.1.7. Trust

According to Venkatesh et al. (2011), trust means 
believing that another party will act cooperatively 
and not take advantage of one’s vulnerabilities. For 
example, when people shop online, they trust that 
companies will handle their private information (like 
credit card details) responsibly. In this study, trust 
is defined as how much professionals and managers 
believe in the usefulness of patient-reported mea-
sures in their work, and in the value of data to sup-
port high-quality service delivery and sound manage-
ment decisions.

4.1.8. Anxiety

Anxiety refers to negative attitude towards techno-
logy (Kohnke et al., 2014). In the study context, it is 
considered the extent to which healthcare professio-
nals and managers feel confident in utilizing patient 
feedback. The integration of this factor becomes par-
ticularly relevant and interesting since it may reflect 
a deeper unease about how data is used, the poten-
tial for misuse, and the professionals’ own confidence 
in engaging with data and digital feedback systems 
as well (Brayne, 2017) – especially in sensitive fields 
like healthcare.

4.2. Data Collection

13 semi-structured interviews were conducted with 
healthcare professionals and managers from Italy 
and Wales.

We adopted a convenience sampling strategy. 
However, participants were not chosen simply for 
ease of access; rather, they were selected based on 
their relevance to the research topic and the study’s 
objectives (Denscombe, 2017). Specifically, they were 
recognised within the two public healthcare systems 
encompassed by this study as either leading experts 
or professionals with extensive experience in the pa-
tient-reported data.

A semi-structured approach followed a clear set of 
topics (Supplementary Materials), whilst allowing 
flexibility in the order and depth of discussion. We 
used open-ended questions, encouraging inter-
viewees to elaborate and explore issues more freely 
on constructs, items and wording. The interviews ex-
plored their perspectives on the determinants of the 
use of the healthcare service user-reported data, en-
compassing the adoption of the UTAUT model and its 
extensions to adapt it to the context of the use of pa-
tient-reported measures by healthcare professionals 
and managers. The interviewees were asked to answer 
i) general questions on the relevance of the different 
factors and the completeness of the hypothesized 
model, ii) specific questions on the items measuring 
each factor, for evaluating clarity and coverage, as 
well as length and format of questions, and iii) any 
examples relating to their practice. Interviewees were 
asked to provide detailed feedback on each item, 
identifying any questions that seem irrelevant, confu-
sing, or poorly worded. They might suggest rewor-
ding, removing, or adding questions to improve the 
questionnaire’s validity. The interview scheme was 
developed and discussed by three of the co-authors to 
ensure consistency of the questions across both coun-
tries and alignment with the study’s research objec-
tives. Each interview was carried out by a minimum 
of two members of the research team, all of whom 
are also co-authors of this study. One researcher led 
the interview while the other took notes. The inter-
views typically lasted between 45 and 60 minutes. A 
total of 13 interviews were conducted, at which point 
data saturation was reached – meaning that further 
interviews were unlikely to yield new information 
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or significantly alter the existing codebook (Guest et 
al., 2006).

The decision to engage a small number of participants 
aligns with established qualitative research practices. 
As noted in the literature, the number of interviews 
in qualitative studies varies depending on the study’s 
goals – for instance, around 12 in the study by Guest et 
al. (2006), between 5 and 25 according to Creswell & 

Poth (2018), and from 10 to 15 in Patton’s (2015) gui-
delines. Since our research addresses a well-defined 
subject and data saturation was reached, we conside-
red 13 participants to be adequate for generating va-
luable insights while ensuring manageable data col-
lection and analysis.

The characteristics of the participants are reported in 
Table 1.

Table 1 – Characteristics of participants in the interviews 
Source: Authors

Variables Categories Values (n) Values (%)  

Country 
Italy 6 46%

Wales 7 54%

Sex
Female 9 69%

Male 4 31%

Role

Manager with  
clinical background 

5 38%

Manager with  
non-clinical background

6 46%

Clinician  2 15%

Familiarity with user-reported data 
Yes, partially 2 15%

Yes, totally 11 85%

Seniority

Years working in  
the current position 

Less than 3 years 4 31%

3-5 3 23%

6-10 2 15%

More than 10 4 31%

Years working  
in healthcare 

Less than 5 years 2 15%

10-20 2 15%

20-30 6 46%

More than 30 3 23%

Current use of user-reported data
Yes 11 85%

No 2 15%
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5. RESULTS

First, the findings of this study confirm the validity 
of the model in the context of the public healthcare 
sector. The participants validated the importance of 
the proposed factors as the main determinants of the 
use of healthcare user-reported data, as well as the 
model’s completeness, without the need to add new 
factors to cover missed areas. No relevant differences 
emerged in the perception of factors among the va-
rious informants, based on the characteristics men-
tioned above.

The questionnaire was revised to address feedback 
about some of the wording used. This involved rewri-
ting questions for clarity and removing items that did 
not seem relevant.

Specifically, the “performance expectancy” factor 
remained consistent with the proposed scale, adap-
ted on the basis of the previous studies applying the 
UTAUT model, retaining its five statements.

In contrast, the “effort expectancy” factor was re-
duced from four to two statements. This decision was 
based on feedback received from interviewees who 
felt that “certain statements are redundant”.

In the “social influence” factor, the references to the 
“social circle” and “People who are important to me” 
in the UTAUT model have been deleted (“The state-
ment is too ambiguous and doesn’t fit well in the pro-
fessional context”, “The people that are most impor-
tant to me are outside of the work context”, “social 
circle mainly refers to my personal-family sphere”). 
Participants underlined the importance of maintai-
ning the organizational level, peers, institutional and 
external bodies.

The “facilitating conditions” factor was expanded 
from six to seven statements. The concept of “re-
sources” was declined in material resources, human 
resources and time (“Resources are very generic”). 
Additionally, “guidance” and “specialized instruc-
tions” were incorporated into a single statement 
(“These two statements are overlapping”), which 
also included the “training” (“there is an issue with 
people feeling confident using data, which means 
that there is a gap in training, knowledge and skills”, 

“Often people don’t get any training to use these 
data”, “training on how to use the software”). The 
“habit” factor was reduced from four to three state-
ments because they are considered as being “redun-
dant” by the participants.

Concerning “perceived security”, professionals un-
derlined the importance to collect and report patient 
data in a safe way. However, they also suggested to 
add the focus on data sharing (“Is sharing safe?”, 
“Collection, reporting and sharing. How it was col-
lected and how it was reported is known and where 
they are shared is not known. With whom? On 
which sites/platforms?”).

The “trust” factor remained consistent with the pro-
posed scale, adapted on the basis of the previous stu-
dies applying the UTAUT model, retaining its four 
statements. Finally, the “anxiety” factor was better 
adapted to the study context, following the sugges-
tions of the interviewees.

After revisions, the questionnaire underwent a final 
review to ensure that it met the expectations for face 
validity. At this stage, the questionnaire appears to 
be a concrete, effective and accurate tool for for in-
vestigating the factors affecting the uptake of user-re-
ported data in the decision-making processes of pu-
blic servants, both to experts and to typical respon-
dents (Appendix).

Second, the interviews allowed in-depth discus-
sion of each factor of the model, to better unders-
tand its meaning and the perception of its relevance 
in the informants’ perspectives in two different 
European countries.

5.1. Is performance expectancy 
a determinant factor for the use 
of healthcare user-reported data?

During the interviews, it emerged that performance 
expectancy plays a pivotal role in determining the uti-
lization of healthcare user-reported data. Participants 
recognized that performance expectancy serves as a 
motivating factor, as it directly impacts their deci-
sion to engage with user-reported data. Healthcare 
user-reported data is useful “to look back at things 
we have done and look at how we can change things 
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for the future”, “allows you to […] do the things that 
are effective”, “allows you to review and improve 
productivity based on the experience”, “to improve 
the service in line with what the service user wants”, 
“to be client-centred”. Healthcare user-reported data 
were reported by the informants to be useful when 
consulting with patients; to identify areas where pro-
fessionals need to focus or the area where patients are 
most concerned; to ask more direct questions to pa-
tients; and to better understand the current medical 
status of the patient (so both to inform treatment and 
service delivery). In addition, the informants also re-
cognized the valuable role of user-reported data at the 
organizational (“meso”) level (e.g., for service delive-
ry and service design) and the system (“macro”) level 
(e.g., for monitoring, evaluating and benchmarking 
the performance results in the user perspective).

5.2. Is effort expectancy 
a determinant factor for the use 
of healthcare user-reported data?

Informants emphasised the importance of acknowled-
ging the work required for adopting and utilising 
user-reported input. They stressed the importance of 
aligning effort expectations with the goals and objec-
tives of healthcare organizations, considering current 
constraints and challenges. This alignment not only 
encourages healthcare providers to actively seek and 
use patients-reported data, but also ensures that the 
data loop remains a valuable tool for enhancing the 
overall quality of healthcare services (“Having this in-
formation available allows me to have a clearer idea 
of the patient’s needs”). This factor appeared strictly 
linked with the technical and digital tools used to col-
lect, access and analyse data. Two aspects emerged as 
important about this factor: the ease of use of the tool, 
and the ease of use of the information provided (“Can 
you use the information you get from them?”).

5.3. Is social influence 
a determinant factor for the use 
of healthcare user-reported data?

The interviews revealed that social influence is a key 
factor in the use of healthcare user-reported data. 
Two major influences need to be taken into conside-
ration in their point of view: the organization and the 

peers. The organizational level refers mainly to mana-
gerial mechanisms that are put in place for enhancing 
the uptake of data in the decision-making processes, 
such as managerial mechanisms of control (i.e., mo-
nitored key performance indicators). Peer-pressure 
is another factor that was emphasized by informants, 
referring to the importance of sharing good practices 
of data interpretation and use among public servants 
(i.e., into communities of practice), but also mentio-
ning the importance of the reputational levers and the 
consequent “me too” effect. Furthermore, institutio-
nal (i.e., “national, regional and local healthcare sys-
tems”) and external bodies (e.g., “university”) play a 
crucial role in stimulating the use of patient-reported 
data (“We feel part of a network”). This demonstrates 
the importance of considering the close collabora-
tions of healthcare organizations with professional 
bodies operating at different levels of the healthcare 
system, or third-party bodies that collaborate and can 
support organizations in different activities.

Additionally, “there is a difference between sup-
porting and valuing the use of them”, meaning that 
while someone may verbally support or express po-
sitive intentions towards using patient-reported data 
by professionals, truly valuing them requires concrete 
actions. This includes implementing policies, provi-
ding resources, and offering incentives that actively 
promote and integrate their use within the healthcare 
system. Indeed, support can be seen as rhetorical, 
but value is demonstrated through practical com-
mitment and real-world application. So, “it is impor-
tant to consider also this last aspect” that refers to 
acknowledging the efforts of user-reported data up-
take into the decisions, with tangible (i.e., goals lin-
ked to the additional payment) or intangible benefits 
(i.e., public recognition during events).

5.4. Are there any facilitating 
conditions for the use of 
healthcare user-reported data?

The insights gleaned from these interviews shed 
light on the significance of having some facilitating 
conditions within healthcare organizations, and how 
they influence professionals’ and managers’ wil-
lingness to integrate user-reported data into their 
practice (“Without facilitating conditions nothing 
can be done”). More specifically, participants prefer 
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to distinguish between material resources (e.g., the 
“infrastructures to use them”, “practical things like 
computers, pen and paper stamps and/or digital 
solutions”), human resources (e.g., a team of people 
working on collecting and consulting data), and 
knowledge, which can relate to statistical knowledge 
(e.g., how to interpret raw data, or how to present re-
sults). Informants reported that decision-makers can 
strongly benefit of data controllers, processors and 
analysts to effectively use these data. Another key as-
pect of this factor focuses instead on the ability of pa-
tient data to be complementary with other measures 
and systems used by the organization. In this sense, 
for healthcare professionals, the possibility of using 
this information collected together with others, to 
have a more complete vision, appears to be an aspect 
to take into account.

Moreover, the participants highlighted that time 
is considered a big barrier, and it needs to be taken 
into consideration together with the other types of re-
sources (“for example, I’ve got the equipment, I ha-
ven’t got the time, or I’ve got the equipment and the 
time, or I haven’t got the equipment, and I haven’t got 
the time”). The results also confirmed the importance 
of having some support (a specific person or group 
available for assistance) as well as guidance, specia-
lized instructions and/or training, since new skills and 
competences are to be established and nourished for 
an effective data-driven decision-making.

5.5. Is habit a determinant factor 
for the use of healthcare 
user-reported data?

The interviews revealed that mandating the use of pa-
tient data, as well as the practice of using it in profes-
sional activities, are two critical components. On the 
one hand, the organization’s external obligation is a 
factor that positively influences the application of pa-
tient-reported data in work activities just because it 
makes it a mandatory activity. This can encourage even 
the most sceptical public servants to use these data. 
On the other side, the professionals need to appreciate 
the use of these data for this practice to become ha-
bitual because “they are relevant to my work”, “they 
serve for own working activities”. A cultural factor 
emerged in the words of informants, underlining the 
need to really persuade public servants to understand 

the value and the power of these data for improving 
and informing their decision-making processes.

The informants emphasized again the need of digi-
tal platforms and systems for supporting the use of 
these data to become a habit: “a good IT system, au-
tomated, is crucial to the long-term success and the 
sustainability of continually collecting”.

5.6. Is perceived security 
a determinant factor for the use 
of healthcare user-reported data?

Interviews confirmed that perceived security is a 
determining factor when it comes to the use of pa-
tient-reported data. User-reported data must be col-
lected, reported, and shared securely. The informants 
highlighted the need of secure the digital tools for col-
lecting and reporting these data, as well as the need 
to be compliant with data protection and privacy 
laws. Informants reported a concern about the proper 
safeguard of such data. This emerged as particularly 
important when informants discussed about user-re-
ported outcomes of the public healthcare service, 
which of course relate to quality of life and health-re-
lated aspects that may be very sensitive information. 
These considerations may result in the implemen-
tation of additional protective measures that have 
always been deemed legitimate by the informants but 
have sometimes been cited as barriers to the collection 
and use of such data. In their point of view, this could 
further incentivize managers and professionals to opt 
for handling data that are simpler to collect and ma-
nage, potentially resulting in inequities or distortions.

This aspect implied the reflection on the different 
ways that can support a compliant data collection, 
storage and use in this delicate public sector, stressing 
the importance of digitalizing the tools along the data 
management chain: “the paper-based collection is the 
least secure”.

5.7. Is trust a determinant factor 
for the use of healthcare 
user-reported data?

Trust in user-reported data appears a key determi-
nant. More specifically, knowing that user-reported 
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data is high-quality and well-validated information is 
an important consideration: “Managerial team can 
make decisions knowing that the information is ac-
curate and relevant”.

Participants also underlined that data must be able to 
be translated into actions and play a supporting role 
in the good provision of services, and managerial de-
cisions. This moves the trust on the level of potential 
impact of a data-driven public sector, since this ap-
proach support a more inclusive and trusted design, 
delivery and monitoring of public policies and ser-
vices through the management, sharing and use of 
these data.

5.8. Is anxiety a determinant factor 
for the use of healthcare 
user-reported data?

According to interviewees, not feeling comfortable 
using patient input can be a barrier. This concern is 
especially appropriate “for those who do not use the 
data” and are unfamiliar with them.

The items used to define the factors were slightly mo-
dified based on the results of the interviews. The in-
formants suggested to further investigate how the im-
portance of the different factors above-mentioned can 
vary for different data-users or decision-makers, and 
for different user-reported data types. They also em-
phasized again the potential role that different types 
of digital platforms can play in determining the im-
pact of these factors, since they were using different 
digital tools for user-reported data collection, monito-
ring and consultation, both in Wales and Italy.

6. DISCUSSION

Data-driven decision-making is fundamental for mo-
dernizing public administration. The digital transfor-
mation generates vast amounts of data and promotes 
their intensive use, presenting both opportunities and 
challenges for public organizations in creating public 
value. Despite growing recognition of the benefits of 
data-driven decision-making, public sector organi-
zations often face internal resistance to adopting da-
ta-based practices. Similar to earlier waves of digital 
transformation, efforts to embed data use in daily 
administrative work are sometimes hindered by low 
adoption rates among public servants. This reluctance 
can stem from a variety of factors, including lack of 
trust in data, insufficient skills, or entrenched organi-
zational routines. As seen in the e-government litera-
ture (Abdul Wahi & Berényi, 2023), such barriers have 
prompted a substantial body of research focused on 
understanding why public employees may hesitate to 
adopt new technologies or data tools. Building on this 
insight, it is important to explore the determinants 
that influence the adoption and use of data among pu-
blic servants, as their engagement is crucial to reali-
zing the full potential of data-driven innovation in the 
public sector.

Given the specific context of the public sector and cri-
tiques of traditional technology acceptance models 
– originally developed for private settings – for their 
possible limited applicability in government (Salama 
& Farag, 2024), we did not rely solely on the core 
UTAUT constructs. Alongside performance expec-
tancy, effort expectancy, social influence, and facili-
tating conditions (Venkatesh et al., 2003; 2011; 2012; 
Cimperman et al., 2016; Lee et al., 2019), we included 
habit (Venkatesh et al., 2012), trust (Venkatesh et al., 
2011), and perceived security and anxiety (Cimperman 
et al., 2016). Our study incorporated human, techni-
cal, and organizational factors, as suggested by a re-
cent systematic literature review on the adoption of 
e-government among public sector employees (Abdul 
Wahi & Berényi, 2023). Future research should also 
explore factors like accountability, transparency, and 
citizen engagement, which may be especially relevant 
in public settings.

Integrating the results of the study with the broader 
framework of data-driven decision-making in public 
administration – as we tried in the following lines 
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– underscores the complexities and opportunities as-
sociated with leveraging healthcare user-reported data.

Moreover, instead of seeking empirical generalizabi-
lity, this study contributes to theory development by 
uncovering mechanisms and patterns that align with 
and enrich existing scholarly work on determinants 
of technology adoption. The originality of this study 
lies also in refining the conceptual understanding of 
the UTAUT models’ constructs in the context of pa-
tient-reported data uptake. The conceptualization of 
data – specifically patient-reported data – as a form 
of technology within organizational and decision-ma-
king processes is one key aspect of this research work. 
This perspective is grounded in the broader defini-
tion of technology proposed by Baskerville and Myers 
(2002), which includes also rules, practices, and da-
ta-related processes. By framing data itself as a so-
cio-technical artefact, the study highlights novel dyna-
mics in how data is integrated, interpreted, and acted 
upon in decision-making processes of public health-
care organizations. This framing allows the study to 
open new theoretical and empirical pathways in un-
derstanding the technological character of data and its 
implications for healthcare management.

This construct-validating study provides an adapted 
version of the UTAUT model for investigating bar-
riers and facilitators of user-reported data uptake in 
the decision-making processes of public servants. The 
revised questionnaire needs go through statistical va-
lidation to ensure the factors’ validity. Specifically, a 
subsequent phase of this study will focus on data col-
lection with the adapted questionnaire. Sophisticated 
analysis will be conducted to analyze the effect of these 
factors on the intention to use patient data of health-
care professionals and managers. Finally, a third part 
of the study will apply this methodology to the evalua-
tion of different patient-data reporting systems.

This study refines existing theoretical frameworks by 
showing how performance expectancy is recognized 
by professionals as a key determinant for studying 
the use of healthcare user-reported data, which is 
consistent with the broader narrative on data-driven 
public administration. This aligns with the unders-
tanding that effective data use is essential to realizing 
public value through improved service delivery, as 
emphasized in data-driven frameworks that highlight 
the strategic role of data in public services (Ubaldi & 

Okubo, 2020; Osborne, 2020). As digital transforma-
tion continues to generate vast amounts of data, the 
ability to effectively utilize this data and really affect 
practice is critical as also suggested by Androniceanu 
(2023). Participants in the study recognized that 
user-reported data is valuable for improving services 
and ali¬gning them with user needs, a perspective 
that aligns with the OECD’s definition of a data-driven 
public sector where data is seen as a strategic asset for 
policy-making and service design (Ubaldi & Okubo, 
2020). The emphasis on using data to improve service 
delivery highlights the importance of integrating user 
perspectives into decision-making, which is central to 
modern public administration practices.

Effort expectancy, particularly regarding the ease of 
use of data collection and analysis tools, is another cri-
tical factor identified in the study to explore data-use. 
This finding aligns with the broader challenges in da-
ta-driven public administration, where technical tools 
and digital platforms play a crucial role by enabling ac-
cessibility and usability, key conditions for embedding 
data-driven practices within public organizations, ma-
king easier access, consultation, reading and interpre-
tation. The study participants’ focus on the ease of use 
of both the tools and the data itself reflects the need for 
intuitive digital solutions that streamline bureaucra-
tic processes and reduce costs (Valle-Cruz & García-
Contreras, 2023). This is particularly important in 
overcoming barriers to data adoption, as highlighted 
by van Ooijen, Welby, & Ubaldi (2019), who noted that 
technical infrastructure is essential for embedding da-
ta-driven practices within public organizations.

The study’s findings on social influence emphasize 
the theoretical relevance of the constructs of organi-
zational culture and peer support in promoting the 
use of healthcare user-reported data, as well as the 
existence of organizations and institutions external to 
the organization that may have an impact on the de-
cisions of healthcare professionals. This is consistent 
with research by Choi et al. (2021) and Cantarelli et 
al. (2023), which underscores that the success of da-
ta-driven decision-making hinges not only on tech-
nical factors but also on organizational aspects such 
as stakeholder cooperation and a supportive culture. 
Indeed, this reinforces the data-driven public admi-
nistration framework’s view that organizational and 
institutional support are critical enablers for data use 
and value creation in the public sector. This finding is 
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also in line with the theories on innovation diffusion 
and dissemination in healthcare (Greenhalgh et al., 
2004), which underlines that different social networks 
within the organizations can powerfully influence the 
adoption of innovation in different ways. For instance, 
vertical networks are more effective for authoritative 
decisions, while horizontal ones are more effective 
for peer influence and support. Similarly, the study 
highlights that both managerial mechanisms and 
peer pressure can drive data usage, reinforcing the 
idea that fostering a data-driven culture requires both 
top-down support and grassroots engagement within 
organizations. In considering external influences, it 
is imperative to acknowledge the role of collabora-
tion with research institutions and universities, as 
such partnerships can significantly drive innovation. 
Additionally, it is essential to recognize the critical im-
portance of the political and policy context, which is 
characteristic of numerous public services, including 
healthcare services. Future studies could explore the 
interorganizational context as an additional dimen-
sion within the social influence construct. Our fin-
dings suggested an embryonic idea that peer pressure 
may be linked to reputational dynamics within a broa-
der institutional network (i.e., national, regional, and 
local levels). As highlighted in the literature on the 
diffusion of innovation in healthcare (Greenhalgh et 
al., 2004), both collaborative and competitive mecha-
nisms among comparable or similar organizations 
can shape the decision to adopt new practices, tools, 
or behaviours. This influence becomes particularly si-
gnificant when the innovation is widely perceived as 
“the norm” (Greenhalgh et al., 2004, p.609) within 
the context – essentially, a form of interorganizatio-
nal habit, as discussed later for organizational habit.

Within the organizational realm, the study identifies 
facilitating conditions, such as the availability of re-
sources and infrastructure, as critical to the success-
ful integration of user-reported data. This finding 
resonates with the broader literature on data gover-
nance in the public sector. Robust data governance 
structures are necessary to capitalize on the value of 
data across the public sector (Ubaldi & Okubo, 2020). 
Also the literature on innovation diffusion in health-
care highlights the relevance of formal dissemina-
tion programs among the facilitating conditions, but 
also the system readiness for change, which includes, 
among the other factors, dedicated time and resources 
(Greenhalgh et al., 2004). The need for adequate 

resources, including material and human resources, 
as well as time and knowledge, reflects the complex, 
non-linear approach required to embed data-driven 
practices within public organizations, as described by 
van Ooijen, Welby, & Ubaldi (2019). Without these 
facilitating conditions, the potential of data-driven 
decision-making to improve service delivery and in-
novation can be significantly diminished.

The study’s emphasis on the previously explored 
mechanism of habit formation highlights the impor-
tance of making the use of user-reported data a regu-
lar practice within public organizations. Mandating 
the use of such data and integrating it into routine 
activities can drive its adoption, even among those 
initially resistant. This aligns with the broader goal of 
institutionalizing data-driven practices within public 
administration, where sustained use of data is crucial 
for long-term success. Such habitual use supports the 
recursive value chain described by van Ooijen et al. 
(2019), where continuous data use reinforces data 
quality and organizational learning. The emphasis on 
digital platforms and automated systems as tools to 
support habitual data use reflects the ongoing digi-
tal transformation in the public sector, which aims to 
make data use both sustainable and scalable (Valle-
Cruz & García-Contreras, 2023).

The study confirms theoretical frameworks integra-
ting perceived security and trust, presenting them as 
fundamental to the effective use of healthcare user-re-
ported data. Concerns about data security and privacy 
are critical in the public sector, where data governance 
must ensure compliance with data protection laws and 
ethical standards. This finding is particularly relevant 
in light of challenges related to data sharing, interope-
rability, and maintaining high standards of data qua-
lity, as noted by van Ooijen et al. (2019). Trust in the 
quality and relevance of data is essential for it to be 
used effectively in decision-making processes, a point 
emphasized by both the study participants and exis-
ting literature.

The study refines existing theoretical models with 
insights into the ethical considerations surrounding 
data use, such as the risk of over-surveillance and the 
potential for data collection to exacerbate inequalities, 
align with broader concerns in the literature. Ethical 
and privacy concerns tied to the use and sharing of 
data have been identified among the main challenges 
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in data application in the public sector (Fredriksson 
et al., 2017; Redden, 2018). While data-driven deci-
sion-making can empower marginalized groups and 
improve service delivery (Hepburn, 2018), it also 
poses risks if not managed carefully, because some in-
dividuals may have low level of digital competencies 
especially when coping with grand adults (Vainieri et 
al., 2023).

Privacy issues are perceived as relevant and critical, 
since they can create tensions among different va-
lues (i.e., data protection versus transparency or re-
search-driven use of data). Adeoye and Ran (2023) 
characterized the relationship between transparency 
and privacy as a dilemma – where each option offers 
distinct benefits but also involves significant trade-
offs – drawing on Smith and Lewis’s (2011) definition 
of a dilemma as a situation in which opposing choices 
both carry clear advantages and disadvantages. 
However, studies on this topic are still scarce and need 
to be investigated. Moreover, the study’s participants 
highlighted the importance of secure data practices 
and the need to balance the benefits of data use with 
its potential to create inequities or distortions, particu-
larly in sensitive areas like healthcare. This reflects the 
broader discourse on process equity, where the ethical 
implications of data use must be carefully considered 
to avoid negative outcomes such as the “chilling effect” 
described by Brayne (2017). In this context, the in-
creasing reliance on data-driven systems in public or-
ganizations generates important normative tensions. 
These dynamics raise ethical questions about who 
defines value, whose data is collected, and how it is 
interpreted and used – especially when applied in sec-
tors like healthcare, education, or welfare. The tension 
lies in balancing the promise of innovation, efficiency 
and efficacy with principles of equity, accountability, 
and individual autonomy. Furthermore, these systems 
can shift normative expectations about public service 
work, making performance increasingly defined by 
measurable indicators while potentially marginali-
zing qualitative dimensions of care and professional 
judgment. This ethical and normative complexity is an 
essential consideration in the broader framework of 
data-driven decision-making, underscoring the need 
for public organizations to navigate these tensions to 
ensure equitable and trustworthy use of data.

Our results hold theoretical relevance for broader dis-
cussions on data-driven public administration and 

management, supporting analytic generalization as 
framed by Venkatesh and colleagues who developed 
the UTAUT model and its extentions. This study is 
part of ongoing research that aims also to explore the 
use of different digital platforms in facilitating the 
use of patient-reported data. These future directions 
are crucial for understanding how to optimize the use 
of user-reported data in public healthcare and other 
sectors. In fact, the use of advanced digital platforms 
can enhance the efficiency and effectiveness of da-
ta-driven decision-making. The integration of expe-
rience and outcome measures, as well as the focus 
on patient-centered care, reflects the broader trend 
towards more personalized and responsive public ser-
vices, as advocated by Moore (2012).

7. CONCLUSIONS 
AND IMPLICATIONS

This construct-validating study is the first phase of a 
research that aims to provide valuable insights into 
the factors that facilitate or hinder the utilization of 
user-reported data within healthcare organizations. 
This specific study aimed to develop and propose to 
academics and practitioners a tool for understanding 
the determinants of the use of patient-reported data 
by healthcare managers and professionals. To reach 
this aim, we conducted interviews in two different 
countries that have a long experience with patient-re-
ported data.

Rather than aiming for statistical representativeness, 
given that empirical generalizability is not the study’s 
goal, this research adopts an analytic generalization 
approach, aiming to generate theoretical insights that 
enhance understanding and inform future research 
on data-driven decision-making in public healthcare. 
Following Eisenhardt (1989), our analysis contri-
butes to theory by confirming the importance of the 
hypothesized factors as the main determinants of the 
use of patient-reported data within healthcare orga-
nizations. This insight can be useful to stimulate the 
use of these measures by managers and healthcare 
professionals and overcome barriers to adoption.

The findings of this study reinforce theoretical 
propositions regarding the importance of several 
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determinants in the successful adoption of healthcare 
user-reported data in public administration. These 
determinants – performance expectancy, effort ex-
pectancy, social influence, facilitating conditions, 
habit, perceived security, trust and anxiety – are all 
critical in fostering a data-driven culture within pu-
blic organizations.

Integrating these factors into data governance strate-
gies for supporting the use of data in public orga-
nizations appears essential for modernizing public 
administration and realizing the full potential of da-
ta-driven decision-making to improve service delive-
ry, innovation, and public value creation.

The integration of the study’s findings with exis-
ting theories on data-driven public administration 
highlights the multifaceted challenges and opportu-
nities associated with the use of user-reported data. 
As digital transformation continues to reshape public 
administration, the successful integration of user-re-
ported data will require a comprehensive approach 
that addresses both technical and organizational 
challenges. By understanding these determinants and 
investigating them with the model proposed in this 
study, public organizations can develop strategies to 
effectively leverage user-reported data, ultimately en-
hancing service quality, equity, and accountability in 
the public sector.
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APPENDIX

Questionnaire in English: factors and survey items  

used to measure the different factors (1/3)

Performance expectancy: the degree to which healthcare professionals and managers  
believe that using patient feedback will help them to perform their job better.

PE1 I (would) find patient-reported measures useful in my job. 

PE2 The use of patient-reported measures (would) enables me to accomplish tasks more quickly. 

PE3 The use of patient-reported measures (would) makes it easier for me to accomplish tasks.

PE4 The use of patient-reported measures (would) improves my productivity.

PE5 The use of patient-reported measures (would) enhances my effectiveness in accomplishing tasks.

Effort Expectancy: the degree of ease associated with the use of patient feedback.

EE1 (I expect) The patient-reported measures are clear and understandable

EE2 (I expect) The patient-reported measures are easy to use in my working activities

Social Influence: the degree to which healthcare providers and managers perceive  
that other people, i.e., institutional bodies, senior management, colleagues and external  

bodies believe patient feedback should be used.

SI1
Institutional bodies (at different levels, for example national or regional) value  

the use of patient-reported measures.

SI2
Institutional bodies (at different levels, for example national or regional) support  

the use of patient-reported measures.

SI3 The senior management of my organization values the use of patient-reported measures.

SI4 The senior management of my organization supports the use of patient-reported measures.

SI5 My peers value the use of patient-reported measures.

SI6 My peers support the use of patient-reported measures.

SI7 External bodies value the use of patient-reported measures.

SI8 External bodies support the use of patient-reported measures.
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APPENDIX

Questionnaire in English: factors and survey items  

used to measure the different factors (2/3)

Facilitating conditions: the degree to which participants believe that organizational resources 
are provided to support the use of patient feedback in healthcare organizations.

FC1 I (would) have the material resources necessary to use patient-reported measures.

FC2
I (would) have the human resources (e.g., a team of people working with me) necessary  

to use patient-reported measures.

FC3 I (would) have the time necessary to use patient-reported measures.

FC4 I (would) have the knowledge necessary to use patient-reported measures.

FC5
Patient-reported measures are complementary (would be complementary) to other measures  

I use (e.g., performance indicators, and clinical data).

FC6
A specific person (or group) is available (or would be available) for assistance with difficulties  

with the use of patient-reported measures.

FC7
Guidance, specialized instructions and/or training are available (or would be available)  

to me about the use of patient-reported measures.

Habit: the degree to which the use of patient feedback is expected in the organisation as well  
as how likely healthcare professionals and managers are to use them in their daily work.

H1 I am (or should be) required to use patient-reported measures in my practice.

H2 It has become (could become) natural to me to use patient-reported measures in my practice.

H3
It is (I expect it would be) important to me to use patient-reported measures as much  

as possible in my practice.

Perceived Security: the degree to which patient feedback is collected, reported and shared 
securely and in line with privacy law.

PS1 I am confident that patient-reported measures are collected securely and in line with privacy law.

PS2 I am confident that patient-reported measures are reported securely and in line with privacy law.

PS3 I am confident that patient-reported measures are shared securely and in line with privacy law.

PS4
The patient-reported measures offer a secure means through which to access information  

without accessing(necessarily) sensitive personal information.
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APPENDIX

Questionnaire in English: factors and survey items  

used to measure the different factors (3/3)

Trust: the degree to which healthcare professionals and managers value the use of patient-
reported measures in their practice and their role in supporting good service delivery and 

managerial decisions.

T1 The patient-reported measures are high-quality and well-validated data.

T2 I value the use of patient-reported measures.

T3 The patient-reported measures perform their role of supporting the good provision of services.

T4 The patient-reported measures perform their role of supporting managerial decisions.

Anxiety: in terms of confidence in the use of these data and/or any platforms reporting  
these data. 

A1 I don’t (I would not) feel comfortable in using patient-reported measures.

A2
I am not (I would not feel) confident in using patient-reported measures for fear of 

unexpected consequences.

A3 I feel patient-reported measures are necessary data in both educational and work settings.

Intention to use: the degree to which an individual intends to use patient feedback in their 
working activities in healthcare

IU I intend to (continue to) use patient-reported measures in the future. 

Notes: PE: performance expectancy, EE: effort expectancy, SI: social influence,  
FC: facilitating conditions, H: habit, PS: perceived security, T: trust, A: Anxiety, IU: intention to use.
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